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Abstract 
This work addresses the acoustic classification of the marine bottom sediment in two areas of the 
Mediterranean Sea located near Barcelona. Data was acquired at sea with the prototype front-scan 
sonar COSMOS which was developed under the European MAST III program (COSMOS Project - 
Contract no. MAS3-CT97-0090).  
Due to its frontal geometry, cosmos sonar can measure the local angular dependence of the 
backscattered strength over a large angular domain. Multilayered mosaic images were built and thus, 
each pixel was associated with a set of backscattered intensity values (one for each angle of view).  
In a previous work, the local angular response (LAR) of seafloor reverberation has been classified; 
each classed response has been projected on a map, so a segmentation map of the surveyed zones was 
obtained. In this paper, the integral scattering model is applied for geo-acoustic inversion, on the 
classed LAR. The inversion process is performed by fitting a set of input parameters for each class, 
which minimizes the difference between the model angular responses and the measured LAR curve. 
Each set of parameters is linked with a type of sediment by means a lookup table, so that the 
classification can be obtained. Finally, the comparison of classification with ground truth data is 
performed. 
Keywords: seabed classification, geo-acoustic inversion, angular backscattering, underwater acoustic. 
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1 Introduction 

The utilization of remote acoustic techniques for seafloor classification is an alternative to 
mechanical sampling and probing methods. These direct methods are accurate but consume a lot of 
time and the spatial sampling of the surveyed areas is very sparse. The efforts of recent decades tend 
to lean towards the automatic segmentation and the classification of the seabed by remote acoustic 
methods. 

When data is presented in the form of backscatter images obtained by sonar, image processing 
techniques are generally used for segmentation. The seafloor classification is then done by empirical 
methods [1]-[5]. Data acquired with single-beam echosounder are also used for seafloor classification, 
[6]-[10]. 

Another way of approaching the problem comes when the angular backscatter response of 
seafloor is known. The angular response depends on both the upper morphology of the seabed such as 
the roughness of the water/sediment interface and the volume of the structure of the sediment. This 
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dependency is exploited to classify the seafloor. Several studies have been carried out either directly 
by exploiting the angular response [11]-[18] as well as using the fact that backscatter statistics strongly 
depend on the incidence angle [19]-[22]. 

In this paper, classification of seafloor sediments is achieved by exploiting the angular responses 
backscattered by the seafloor. Data was acquired with the prototype front-scan sonar COSMOS, 
developed within the European MAST III program (COSMOS Project - Contract no. MAS3-CT97-
0090). Unlike conventional systems that scan the seafloor along successive bands in the cross-track 
direction [23][24], the COSMOS system emits the sound forwards [25]. Thanks to the forward 
geometry (Figure 1), fixed points of the seafloor are repeatedly insonified under different view angles 
while the sonar is moving forward. This overlap provides the ability to map out the local angular 
dependence of the backscattered strength. In a previous paper [26], backscatter images were 
constructed and for each pixel a set of n intensity values were associated (one value for each angle of 
view). Thus, the local angular response (LAR) of each point (pixel) of the bottom is available. Then 
LAR were classified via the clusters identification process in a principal component space [27]. In this 
paper, the integral scattering model APL-UW1 [28] is applied for geo-acoustic inversion on classed 
LAR. The inversion process is performed by fitting a set of input parameters for each class, which 
minimizes the difference between the APL model angular responses and the measured LAR curve. 
Each set of parameters are linked with a type of sediment via a lookup table, the classification is then 
obtained. Finally, the class of sediment obtained for each class is compared with the samples taken 
during the COSMOS campaign in question, previous campaigns and maps. 
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Figure 1 – Cosmos sonar beampatern 

                                                      
1 Applied Physics Laboratory-University of Washington 

 



 Acústica 2012, 1 a 3 de Outubro, Évora, Portugal  
 

 
 

3

2 Acquisition system 

COSMOS is a prototype multibeam sonar system designed for the imaging, bathymetric 
measurements and characterization of the seafloor which work at a central frequency of 100 kHz. The 
main feature of the system is the frontal acquisition geometry, which lets obtain multiple viewing 
angles due to the overlap of scanned sectors during successive pings. 

The maximum slant range is a few hundred meters and the solid angle covered by the acoustic 
beams has an aperture larger than C= 80° in site (Figure 1), starting from near nadir to near 
horizontal. The aperture in azimuth is 25º. With this design, a large coverage for the backscatter 
angular responses of the seafloor is obtained, over the along-track central band that is surveyed. This 
central band has a width of about 2ymin=0.4H, where H is the depth (Figure 1). 

The emitter antenna consists of an arc of a circle, 80 cm long and 1.4 m radius. The plane of the 
circle is slanted 40° below the horizontal. The measured source level is 207 dB re 1 Pa rms @ 1m. 
The receiving are two parallel linear arrays in order to allow beam forming in the azimuth and the 
interferometric measurements (site angle). The boresight direction of the receiving antenna is slanted 
40° below the horizontal like the transmitting. Each array has 32 elements with a pitch of 22.5 mm and 
each one is 72 cm long. This geometry gives an angular resolution in azimuth of approximately 1.5º 
(at 3 dB) in the band around 100 kHz. The formation of 31 beams is then sufficient to fully cover the 
total aperture in azimuth. 

The transmitted signal is a chirp, whose amplitude is shaded by a truncated Gaussian window 
(20% of the max amplitude at the ends). The bandwidth is B = 3 kHz and the Chirp duration is 8 ms. 
Therefore, the echographic radial resolution r  c/(2B) obtained after pulse compression is about 
25 cm. A comprehensive description of the COSMOS system can be found in [26][29]. 

3 Studied areas  

Data was acquired in the Mediterranean Sea off the coast of Barcelona, in the Blanes and 
Besos regions. The zone has a wide variety of bottom sedimentary characteristics which are relatively 
well known.  

The area in which Besos is located is near the river-mouth of the Besos River within the 
rectangle: 41°25' N - 41°22' N; 2°14' E - 2°19' E. In the campaign they traveled 34 km with depths 
varying between 25 m and 60 m. For the study, the area is divided into three regions: East-Besos (EB) 
Central-Besos (CB) and West-Besos (WB) (Figure 3). The EB region is the deepest of them (45 to 
60 m). It has soft sediment, and presents a well-defined sand body. The CB region has very varied 
sediments with subtle transitions. It is characterized by a large area of anthropogenic sediment due to 
the sewer emissions, and a region of abrasion resulting from the effects of fishing activities. The WB 
region has a soft and uniform relief whose main interest is the presence of a pipeline. 

The Blanes area is located within 41°41' N - 41°39' N; 2°47' E - 2°50' E. It was surveyed in 14 
transects with a total distance of 25 km covered, the depth varying between 15 and 55 m. The 
background is diverse, consisting of sandy gravel and rock deposits, with abrupt transitions (Figure 2). 

Grab and core samples in the vicinity of the sonar survey were taken both in the Besos and 
Blanes area (Figure 2 and 3). These samples together with other samples taken in a previous survey 
were used to the ground truth. 
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Figure 2 – Bathymetric map (in meters) showing the location of COSMOS lines, and sediment 
samples (DC, grabs) in the Blanes area 

 

BE 

BC BW 

  

Figure 3 – Besos region. In red: transects followed during the campaign. The blue points indicate the 
sampling carried out during COSMOS survey. The red dots show the locations of samples taken in 

1987. 
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4 Data pre-processing 

Raw transducer data was processed in order to build a set of beamformed data that takes into 
account the calibration parameters. For each ping the altitude of the antennae is estimated using to the 
first bottom return delay. The bottom is assumed to be locally a horizontal plane for mapping the 
beamformed acoustic data. Both the Doppler effect and refraction are neglected due to the small water 
gradient temperature and the low speed of the vessel (3 knots).  

As a result of the multiple viewing angles, the acoustic data are sorted into a multi-layered map, 
each layer corresponding to a small range of grazing angles. Therefore, each layer provides a 
backscatter image of the bottom seen under a restricted range of grazing angle. The contributions of 
the layers are weighted to account the different cell resolution of each grazing angle. A detailed 
description of the parameter calibration, beam-forming process and multi-layered image can be found 
in [26][30]. 

Finally, to be able to group the LAR backscattered according to a limited number of classes, a 
principal component analysis (PCA) of the responses is performed [31]. Acoustic data is sorted into a 

matrix ,i jx   X  i = 1, …p and j = 1,…,n), with p rows (pixels) and n columns (angles of view). The 

range of grazing angles is divided into n=24 angular bins within the interval [14º, 69°]. Each 
element ,i jx of X represents the intensity that is backscattered by the pixel #i seen under the grazing 

angle γj. The matrix X is converted into the logarithmic scale (dB), and then rescaled at a zero mean 
and unit variance to build a matrix Z. The correlation matrix C = ZTZ is computed; its eigenvalues 
and eigenvectors are then found. After this, the columns of the Z matrix are projected on the first three 
eigenvectors base and clusters are identified to define classes. The barycenter of each cluster is 
determined and returned to their original data space (performing an inverse PCA process). These 
centers give the typical angular backscatter responses associated with each class.  

A total of seven types of responses were classified (Figure 4) from soils with very high 
reflectivity (Class # 1-yellow) to "soft bottom" (# 6 brown). Finally, a segmentation map is built for 
each studied area (Blanes, EB, CB and WB) in assigning to each geo-referenced pixel, the class that it 
had in the PC space. Figures 5 and 6 show the segmentation maps superimposed on the backscatter 
image in the Blanes and BC area, where each color corresponds to a class. Particularly, the Blanes area 
shows a clear coincidence between segmentation and the changes in the image texture. 

 

 
Figure 4 Angular responses by classes 
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(a) (b) 

  

Figura 5 – Blanes Zone. (a) Classes map superimposed to the backscattering image. (b) Detail 

  

(a) (b) 

 

Figure 6 – (a) Central-Besos Area. Class map superimposed on the backscattering image. (b) Detail  

5 The Model 

Fluid sediment models that predict scattering from both the roughness of the seafloor surface and 
variations in sediment sound speed and density have proven to be accurate predictors of the 
backscattering strengths measured in several experiments [32][33][34]. 

The APL_UW backscattering strength model [28] is applicable over the frequency interval 10 -
 100 kHz. The sediment is modelled as a simple, semi-infinite fluid which is assumed to be 
statistically homogeneous both in the horizontal and in the vertical. Layering and gradients are not 
included. Volume backscattering contributions are parameterized by an equivalent surface backscatter. 
It is assumed that the two-dimensional relief spectrum is isotropic and obeys the power 

law ( ) ( ) 2

2 0W w h K
g-

=K . In this equation, K is the wavenumber of bottom relief features; 
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2K p= L  where Λ is the associated wavelength and h0 is a reference length equal to 1 cm. 
Furthermore, the model requires six input parameters defined in Table 1. 

At incident angle θ, bottom backscattering strength BS(θ) is the decibel equivalent of the 
scattering cross section [35], which is broken into two parts: 

 ( ) ( ) ( )( )10 v10log rBS q s q s q= +  (1) 

Where, σr (θ) is the dimensionless backscattering cross section per unit solid angle per unit area due to 
interface roughness; σv(θ) is the dimensionless backscattering cross section due to volume scattering 
from below the interface. 

Three different approximations are used for roughness scattering cross section σr(θ). For 
smooth and moderately rough bottom (e. g. clay, silt and sand), σr is computed using the Kirchhoff 
approximation [36] for grazing angles near 90º and the composite roughness approximation [37][38] is 
used for all other angles. For rough bottom (e. g., gravel and rock) an empirical expression taken from 
[39] is used. 

For sediment volume scattering σv(θ) including refraction and transmission loss at the sediment-
water interface, an expression published in [40] is used. This expression is generalized to allow the 
effect of the absorption of the transmission coefficient of the sediment/water interface and incorporate 
shadowing and bottom slope corrections. 

Table 1 – Inputs parameters used in de bottom backscattering strength model. 

Symbol Definition Short name 
ρ Ratio of sediment mass density to water mass density Density ratio 
v Ratio of sediment sound speed to water sound speed Sound speed ratio 
δ Ratio of imaginary wavenumber to real wavenumber for the 

sediment 
Loss parameter 

σ2 Ratio of sediment volume scattering cross-section to 
sediment attenuation coefficient 

Volume parameter 

γ2 Exponent of bottom relief spectrum Spectral exponent 
w2 Strength of bottom relief spectrum (cm4) at wavenumber 

2π/λ  cm-1 
Spectral strength 

6 Inversion scheme 

At the end of the segmentation process, a class and a spatial geo-referenced coordinate is linked 
to every pixel. In addition, each pixel has a LAR associated with it. From these coordinates, the 
intensity backscattered by pixels belonging to the same segment are read and evaluated. The mean 
LAR in linear scale is computed for each class and then the response is finally transformed to decibels. 
For each of the seven responses classed an inversion scheme is performed. The problem that occurs is 
finding the set of input parameters of Table 1 that best fits the given data set. That is, which set of 
parameters minimizes the difference between the BS() model curve and the measured BS() data. So, 
for each class (from 1 to 7) we minimize the cost function. 

 ( ) ( ) � ( )( )
26 2

1

, 1, 7k i i
i

S BS BS kp p q q
=

= - =å  (2) 

�  iBS   and  iBS  are the backscattering strength at the incidence i measured and modelled 
respectively and  2 2 2, , , , , w    p  is the vector of parameter. After the process we obtain a 
vector pk (k = 1 … 7) of parameters for every class.  
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The sum of the squares of the data deviations from the model prediction are used as a 
measure of goodness of the fit. It is then evaluated. 

 ( ) ( )
226

1

1
, 1, ,7

26k i i k
i

BS BS kp q q
Ù

=

æ ö÷çD = - =÷ç ÷çè øå  (3) 

For the parameter 2 (spectral exponent) we have used a fixed value of 3.25 according to the 
recommendation given in [28]. The ranges of the input parameter used are presented in Table 2 

Table 2 – limits of the input parameters 

Parameter Range 
ρ 1.00 – 3.00 
v 0.800 – 3.00 
δ 0.00 – 0.100 
σ2 0.00 – 0.500 
w2 0.00 – 1.00 (cm4) 

7 Result  

Table 3 shows, for each class, the input parameters that best fit into the minimization process of 
the cost function (2). The adjustment was made by putting into consideration that between the two 
adjacent BS curves, the minimum difference is about 3 dB (Figure 4). As a result of this, a dispersion 
() of about 0.5 dB was considered acceptable. 

Table 3 – Best fitted parameters and their dispersion  

class    2 w(cm4)  (dB) 
 1 1.35 1.29 0.0001 0.0028 0.1656 0.31 
 2 2.49 1.78 0.0140 0.0007 0.0610 0.56 
 3 2.44 1.36 0.0170 0.0010 0.0480 0.56 
 4 1.67 1.16 0.0100 0.0055 0.059 0.34 
 5 1.44 1.06 0.0150 0.0039 0.0015 0.46 
 6 1.15 1.09 0.0700 0.0010 0.0005 0.47 
 7 1.35 1.19 0.0240 0.0252 0.0040 0.44 

Each set of parameters of Table 3 is identified with a sediment type. This identification process is 
carried out in the table given in [28]. The table relates standard sediment types to model parameters. 
The sediment name is assumed to be the name appropriate to the bulk of sediment, rather than 
superficial sediment. The sediment names are taken from the classification scheme given in [41] [42] 
[43] [44]. 

A summary table of class analysis is given in Table 4. When available, the ground truth column 
shows the granulometry from COSMOS cruise samples analysis [45]. Otherwise, the data is taken 
from ICM2 data and maps [46]. Class 1 cannot be identified with any sediment from the UW-APL 
table. Maps indicate that this area is a large anthropogenic sediment deposit of sewer emissions. Class 
7 has not been identified either as the attenuation parameter set is 10 times higher than normal for the 
type of sediment identified with the other parameters of the same class.The other parameters fits well 
within a narrow range of sediment types and they are easily identified. In particular, the shells that 
were found in areas affected by the class # 4 explain the high roughness.  

                                                      
2 l'Institut de Ciències del Mar, Barcelona. España. 
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Table 4 – Classification table and Ground truth 

Class Classification (via lookup table UW-APL) Ground truth 

Gravel Sand Silt Clay 
1 without identification anthropogenic sediment 
2 Cobble - gravel - pebble / Sandy gravel, close to 

rocky roughness. 
23% 73% 4% - 

3 Sandy gravel / Very coarse sand 14% 84% 2% - 
4 Medium sand / Muddy gravel; with greater than 

normal roughness. 
Turritellas and bivalves (within BE) 

1% 65% 24% 9% 
5 Fine sand-silty sand / Muddy sand / Very fine sand - 96% 4 % - 

Soft and homogeneous bottom 
6  Medium silt,  sand-silt-clay brown mud-grey mud 
7 Gravely muddy sand / Medium sand / Muddy 

gravel/Fine sand – silty sand. Volume parameter × 10 
Abundant Trawling marks. Erosive 
plataform 

8 Conclusions 

This work shows the acoustic seabed classification by exploiting data obtained with the prototype 
sonar COSMOS. The frontal architecture of the system allows us to obtain the local angular response 
from the bottom of the seabed. Thus, the system is especially adapted for seafloor characterization. 
In previous work, seven types of responses acquired with COSMOS were classified. In this article 
these responses were identified with a type of sediment and a classification of the seafloor was 
performed.  

Both in Blanes (abrupt transitions) as Besos (subtle transitions), the classification displayed a 
strong correlation, with the available information, about the nature of the seabed in classes 2 to 6.  
The class 7 has been successfully classified regarding the sediment composition. However, taking 
into account the factor 10 in the volume parameter, it is not possible to identify any sediment within a 
band of reasonable variability. This is understandable because in the area where the class #7 is located, 
the results correspond to an abrasion platform with significant trawling marks. This gives special 
characteristics to the bottom that are not considered in a table of standard sediments. However, this 
area has been correctly discriminated by the segmentation procedure. Similarly, the class #1 area has 
been well insulated but it was not possible to identify the sediment, since it corresponds to human 
waste. It is necessary to extend the model to classify these cases. 

To summarise, the procedure used for remote acoustic classification of the seabed is satisfactory 
and it can be improved by a model that includes atypical bottoms. In addition, all discriminated bottom 
patches correspond to sediments with very different compositions. Thus both the segmentation method 
and the performance of COSMOS for sea floor classification are validated.  
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